
Behavioural analytics holds immense promise in healthcare by enabling earlier detection of risk factors and
tailoring interventions to patient needs. However, ensuring equity, minimizing bias risk, and enhancing
accessibility remain critical hurdles—particularly when digital patient interactions differ widely across
demographic and social groups.

This article explores key principles and practical approaches to maintaining fairness in behavioural analytics applied
through tools such as patient portals and remote monitoring systems, while drawing lessons from regulated
sectors like gambling (e.g. companies like MrQ), and the rigorous research ecosystem exemplified by the National
Institutes of Health (NIH). We’ll also emphasize how privacy and evidence standards must guide implementation to
safeguard vulnerable patients.

Understanding Behavioural Risk in Digital Health



Behavioural risk rarely emerges from a single action—rather, it accrues gradually over a sequence of digital
interactions. For example, repeated missed medication reminders in a patient portal or subtle changes in remote
monitoring patterns can collectively signal underlying health or social issues.

Why Patterns Matter More Than Single Events

Healthcare providers often err by interpreting isolated data points as definitive compliance or non-compliance
(“drop-off”). This simplistic view risks mislabeling engagement and missing the big picture. A running pattern of
interaction changes is a richer signal that demands a deeper, more empathetic inquiry.

Repeated delayed responses to appointment scheduling might result from digital literacy challenges rather
than intentional avoidance.

Variations in remote monitoring data could reflect social determinants of health like housing instability, not a
lack of engagement.

Isolated "wrong clicks" or confusing navigation patterns in portals should be distinguished from intentional
misuse or neglect.

A practical approach involves building behavioural analytics models that aggregate and contextualize interaction
histories over time, allowing clinicians and care coordinators to intervene earlier with tailored support.

Lessons from Regulated Platforms Using Behavioural Signals
Sectors outside healthcare have developed sophisticated early-warning systems rooted in behavioural signal
monitoring—particularly the gaming and gambling industries. Companies like MrQ, which operates a regulated
online gambling platform, utilize behavioural analytics to detect early signs of problematic play patterns and
trigger timely support.

Key takeaways for healthcare include:

1. Real-time monitoring with human-in-the-loop: Automated detection flags patterns, but human experts
review data before actions are taken.

2. Progressive intervention: Initial low-stakes nudges or informative messages precede more assertive
outreach.

3. Transparency and consent: Users are informed about the types of behavioural data collected and
intervention thresholds.

4. Equity-sensitive design: Monitoring algorithms are regularly audited for bias across demographic groups.

Equity, Bias Risk, and Accessibility in Healthcare Behavioural Analytics
The ultimate goal of healthcare behavioural analytics is to support all patients fairly—yet bias risk creeps in at
multiple levels:

Bias Risk Source Description Impact on Equity Data Representativeness Digital interaction data may
underrepresent certain groups (e.g., older adults, people with disabilities, non-English speakers). Leads to skewed
models that fail to detect risks appropriately in underserved populations. Algorithmic Bias Models trained on
biased datasets inherit and amplify disparities. Can result in false positives or negatives affecting specific ethnic or
socioeconomic groups disproportionately. Accessibility Barriers Portal or monitoring system designs that do not
meet accessibility standards hinder equitable data collection and engagement. Limits the quality and completeness
of behavioural signals from marginalized patients.



Strategies to Mitigate Bias and Enhance Equity

Inclusive recruitment and representation: Programs using behavioural analytics should ensure study
populations reflect the diversity of real-world patients.

Collaborative model development: Engage multidisciplinary teams including ethicists, community
representatives, and clinicians to review algorithms and flag bias.

Regular audit and adaptation: Continuously evaluate model outputs against fairness metrics and adjust
models as new biases emerge.

Accessible design standards: Ensure patient portals and remote monitoring systems comply with standards
like WCAG and offer multilingual support.

Patient consent and education: Clear communication about how behavioural data is used builds trust and
supports informed participation.

The Role of Privacy and Evidence Standards
Privacy considerations must be at the forefront when monitoring behavioural signals. Patients’ digital footprints
contain highly sensitive information; mishandling threatens both individual dignity and public trust.

Data minimization: Collect only data strictly necessary for clinical insights.

Secure storage and transmission: Use encryption, anonymization, and strict access controls.

Transparent policies: Patients should easily access understandable privacy notices and opt-out options.

Equally important are evidence standards to establish that behavioural analytics tools actually improve outcomes
without unintended harm. The National Institutes of Health (NIH) often funds rigorous clinical validation studies
that:

1. Test behavioural signals’ predictive validity against gold-standard clinical assessments.

2. Measure impacts on health disparities and equity.

3. Evaluate patient experiences, acceptance, and satisfaction with monitoring approaches.

Concrete Example: Implementing Fair Behavioural Analytics in Practice
Imagine a healthcare system deploying a remote monitoring system to support patients with chronic heart failure.
The system records vital signs and logs interactions with educational materials through a portal.

Rather than interpreting missed readings or skipped content as https://barrynames.com/what-healthcare-leaders-
can-learn-from-digital-platforms-about-behavioural-risk/ isolated non-compliance, the analytics platform
aggregates data over weeks to identify gradual behavioural changes. If patterns suggest increasing
disengagement—potentially due to worsening symptoms or social challenges—the care team receives an alert.

Before outreach, the system flags patients with known sensory disabilities or limited digital experience. A human
reviewer then evaluates data to decide whether to offer additional training, adjust device settings, or provide
alternative communication methods.

This approach embodies:

Respect for accessibility needs to reduce bias.

Reliance on behavioural patterns rather than punitive single-event interpretations.

Privacy protection consistent with patient expectations.



Human oversight to prevent algorithmic overreach or misclassification.

Conclusion: What Would Support Look Like Here?
Keeping behavioural analytics fair requires constant vigilance to distinguish signals vs. stories—the difference
between data-driven evidence and premature interpretations. It demands that we ask, “What would support look
like here?” rather than jumping to label a patient’s behaviour as non-compliant or problematic.

By learning from companies like MrQ on responsible early-warning behavioural monitoring, following NIH-backed
evidence standards, and prioritizing accessibility and privacy, healthcare can harness behavioural analytics to
promote equitable, compassionate, and effective care for all patient groups.

Ultimately, fairness in behavioural analytics is not just a technical challenge but a moral imperative to ensure every
patient’s digital health journey is understood, respected, and supported.


