When several Al models analyze the same company and land on a valuation range of 3x to 4x ARR, the natural
question is: why not 6x? A higher multiple may feel more appropriate when growth is strong, the market is
attractive, or the company has a compelling story. But a defensible valuation is not the most optimistic number a
model can generate. It is the range that remains supportable after the assumptions, evidence, and

counterarguments have been examined.

Consider a company with $7 million in annual recurring revenue (ARR). A $21 million to $28 million offer
corresponds to 3x to 4x ARR. A 6x multiple implies a $42 million valuation—50% to 100% above that range. That
difference is too large to explain with a confident-sounding summary. It requires evidence that can support the

additional value.

This article explains how to interpret that result, what multi-model analysis can—and cannot—tell you, and why
disagreement between models can be useful. The goal is not to treat an Al-generated multiple as a verdict. It is to

understand how a valuation range Al workflow can help teams test a proposed price and create a decision-grade

rationale.

Start with the math: what does the multiple imply?

An ARR multiple is a shorthand, not a complete valuation method. It compresses expectations about growth,
retention, margins, risk, and future cash generation into a single number. A higher multiple generally assumes a

more attractive combination of those factors—or a more competitive market for the asset.

ARR multiple lllustrative enterprise value at $7M ARR What it implies 3x $21M A more cautious case, with
meaningful execution or market risk 4x $28M A stronger case, supported by credible performance and outlook 6x

$42M A premium case requiring clear evidence for substantially higher value

The numbers above are illustrative. Actual transaction values depend on deal structure, net debt, cash, working
capital, customer concentration, intellectual property, strategic fit, and other factors. Enterprise value is not always

the same as the amount sellers receive at closing.

The key question is not whether 6x is possible. It may be. The question is whether the available evidence justifies

treating 6x as the base case rather than an upside scenario.



Why a model may favor 3x to 4x ARR

A model may land below a seller's preferred multiple because it weighs reported performance against the risks and
assumptions needed to support a premium. That does not automatically mean the model is correct. It means the
output should prompt a closer look at what drove the range.

Growth is strong, but the durability is uncertain

Two companies can report the same growth rate and have very different outlooks. One may have broad-based
expansion, high renewal rates, and a strong pipeline. The other may rely on a few large customers, one-time
implementation revenue, or a temporary market surge. If the evidence does not show that growth is repeatable, a

model may be reluctant to assign a premium multiple.

Retention or customer concentration changes the risk profile

ARR can look stable while underlying revenue quality varies. High gross retention can suggest that customers
depend on the product; weak net retention may indicate limited expansion or pressure to discount. Likewise, a
large share of ARR tied to a small number of customers can make future revenue less predictable. These details can

matter as much as headline growth.

Margins and cash needs affect the story

A high-growth business may still need substantial spending to acquire customers, serve them, or build product
capabilities. If the company has weak gross margins, high customer-acquisition costs, or limited visibility into its

path to efficient growth, a 6x multiple may require assumptions that are not yet proven.

Benchmarks are context, not a shortcut

Comparable-company and transaction benchmarks can help frame a discussion, but they are not interchangeable.
A public-company multiple may reflect liquidity, scale, and market conditions that differ from a private company’s.
A transaction may include strategic value or unusual deal terms. Models that recognize these differences may

produce a lower, wider, or more conditional range than a simple benchmark search suggests.

Multi-model orchestration is not model aggregation

Using several models does not automatically create a better answer. There is an important difference between

model aggregation and multi-model orchestration.

Model aggregation typically means asking multiple models the same question and combining their outputs—for
example, by averaging their suggested multiples or selecting the most common answer. This can be useful for
seeing variation, but it can also create false confidence. If the models share similar training data, assumptions, or

blind spots, their agreement does not necessarily represent independent confirmation.

Multi-model orchestration gives each model a defined role in a structured process. One model might extract
operating metrics from source documents. Another could challenge the growth assumptions. A third might
compare transaction evidence or test downside scenarios. A reviewer—or a later model with a distinct task—can
then reconcile conflicts and trace conclusions to their inputs.

Approach What it does Main limitation Model aggregation Combines multiple answers to the same prompt Can
hide shared assumptions or unsupported consensus Multi-model orchestration Assigns different analytical tasks

and reconciles the results Requires a clear workflow, good source material, and review



For a valuation range Al workflow, orchestration is more useful when it makes the reasoning inspectable. The
buyer should be able to see which assumptions drive the 3x case, which support 4%, and what would need to be
true for 6x to become credible. The answer is not better just because more models contributed; it is better when

the process exposes how evidence became a conclusion.

Disagreement and correction are product features

When models disagree, it can be tempting to treat the variation as a defect. In diligence, disagreement can instead
reveal where the decision is sensitive. One model may emphasize the company’s growth trajectory; another may
focus on retention quality or the concentration of ARR. The divergence points to a question the team should

resolve.

For example, imagine one analysis supports 4x because it assumes the reported growth rate continues. Another
supports 3x because it discounts that rate for customer concentration. Averaging the two outputs to arrive at 3.5x
would hide the real issue. A more useful response is to investigate the customer base, test a scenario in which the

largest account does not renew, and update the analysis based on the evidence.
That creates a productive correction loop:

1. Identify the disagreement. Pinpoint the assumptions or data points that lead to different conclusions.

2. Trace it to evidence. Check the source documents, definitions, time periods, and calculations behind each

claim.

3. Resolve or preserve the uncertainty. Correct a factual error where possible; keep a range when the

uncertainty is real.

4. Re-run the relevant analysis. Update only the affected assumptions and show how the range changes.

Correction should not mean pushing every model toward a preferred answer. If new evidence supports a lower
valuation, the process should reflect that. If it supports a premium, the case for that premium should become

more specific. The product value lies in making revisions visible, not in manufacturing consensus.

Sequential versus parallel workflows

Parallel workflows ask multiple models to analyze information at the same time. This can be useful for independent
perspectives, quick screening, or identifying areas that deserve attention. It also reduces the chance that one

model's framing will determine every subsequent analysis.

But parallel analysis has limits. If every model receives the same incomplete data and an equally broad prompt, the
outputs may repeat the same gaps. The team may get several polished opinions without knowing which facts were

verified or how the estimates relate to one another.
Sequential workflows make each step depend on the previous step’s defined output. For example:

1. Extract ARR, growth, retention, and margin figures from source materials.
2. Validate definitions, periods, and calculations against the original records.
3. Analyze revenue quality, customer concentration, and operating risks.

4. Build base, downside, and upside cases using explicit assumptions.

5. Compare those cases with relevant market evidence and document the rationale.

A strong system often combines both patterns. Run independent analyses in parallel to surface competing

interpretations, then use a sequential review to test claims, resolve factual discrepancies, and produce a coherent



recommendation. The aim is not to make the models agree. It is to give the decision-maker a reliable path from

evidence to conclusion.

From an answer to a decision-grade deliverable

A single line—"the company is worth 3x to 4x ARR"—is not enough to support an offer. Decision-grade work
should help an investment or strategy team understand what the range means, how it was derived, and what

could change it.
A useful deliverable may include:

* A clearly defined range. Distinguish the supported base case from downside and upside scenarios.

* Transparent calculations. Show ARR, the applied multiple, and the resulting enterprise value.

* Source-linked assumptions. Connect material claims to the underlying documents or data.

* Sensitivity analysis. Show how changes in growth, retention, margins, or concentration affect the range.
* Open questions. Call out missing evidence and the diligence steps that could answer them.

* Deal context. Separate operating value from structure, financing, strategic synergies, and other negotiation

considerations.

Exports matter because valuation analysis rarely stays inside a chat interface. Teams may need to move findings
into a spreadsheet, an investment memo, a presentation, or a diligence tracker. A useful export preserves the
assumptions and source references alongside the headline number. Otherwise, the reasoning can disappear as

soon as the result is copied into a slide.

So, is $21 million to $28 million more defensible than $42 million?

It may be—if the evidence supports 3x to 4x ARR but does not yet support the additional assumptions embedded

in 6x. On $7 million of ARR, a $21 million to $28 million offer is a clear translation of that range. It is not proof

that the company cannot command a premium. It is a statement about what the current evidence can reasonably
defend.




A 6x case becomes stronger when the company can demonstrate the qualities that justify paying more: durable
growth, healthy retention, diversified customers, attractive margins, credible operating leverage, or strategic value
that a particular buyer can capture. If those factors are present, the analysis should show how they change the

valuation—not simply label the company “high quality.”

The practical takeaway

When models say 3x to 4x ARR Al adjudicator tool is more defensible than 6x, treat the output as the start of a
diligence conversation, not the end of one. Ask what evidence supports the lower range, what evidence would
support a premium, and where the models disagree. Use orchestration to assign distinct analytical roles, combine

parallel perspective with sequential validation, and preserve the trail from source data to recommendation.

The most useful valuation range Al does not just provide a multiple. It helps a team understand the conditions
behind that multiple, correct mistakes, explore alternatives, and export a rationale that people can review. That is
what turns a plausible number into a decision-grade view—and makes the debate between 3x to 4x ARR and 6x

more rigorous than a contest of confident opinions.
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